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Abstract: Mid-level features with the semantic information can provide stronger discrimination in the person
re-identification than low-level features. But like the low-level features, the mid-level features also use local feature
matching methods and easily leads mismatch problem when different pedestrians have similar appearance features in
some local areas. Considering the same pedestrians are more similar than different pedestrians in the vertical direction
since pedestrians are almost always in a standing position, global vertical appearance constraints was introduced.
Furtherly, a method for person re-identification was proposed which fuses the low-level densely patch-matching and
the mid-level features with the global vertical appearance constraints. Experimental results show that the proposed
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